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Combining Syntax and Word Sense for Chinese Pronoun

Resolution
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(Information Retrieval Laboratory, School of Computer Science and Technology,
Harbin Institute of Technology, Harbin 150001)
Abstract: Syntactic knowledge is important for pronoun resolution. In recent years, research on dependency parsing
becomes active, because dependency grammar benefits to represent the relations between terms. We propose a dependency
parsing based method for Chinese pronoun resolution, design effective syntactic role features and word sense similarity and
word relevance features in related to the dependent words. Support Vector Machine is used as the classifier. The experimental
result on the ACE 2005 training data shows that these dependency parsing based features are effective.
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